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An Improved Motion Segmentation Method based on Edg Information
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Abstract Motion segmentation is the necessary stage of most video analysis implements, and it divides frames into
different regions according different motion so that those mation objects can be abstracted. Although there are
many scholars working in this field nowadays, it is a challenge job to bring out an accuracy and efficient motion
segmentation method. This paper presents an improved theoretical framework for motion segmentation based on
the motion of tracked region edges, to dealing video sequences which include two motions. The practical result has
proved the validity of the improved motion tracking and region labeling method.
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IV. Discussion

This paper describes a new text location approach
based wavelet. The experimental results show that
our method can locate and extract text from com-
plicated background accurately and effectively, and
is not heavily dependent upon the image contrast,
font type and character size. And the computation
in this method has a high speed. However, there is
a problem in this method that the threshold used in
experiment is set by manual, which will be solved
in our future studies.
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