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A Method of Image Enlargement and Reduction Based on The Newton-Thiele’s Interpolation Surface
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Abstract A method of image resizing is presented in this paper. It is based on The Newton-Thiele’s interpolation

surface. First , a Newton-Thiele's interpolation surface is constructed for each color component of a digital image,

and then . the surfaces with different sampling rates are resampled to generate the required resized image . The ex-

perimental results show that the method can greatly improve the quality of resized image.
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