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Improved Iris Recognition Algorithm Based on PCNN

JIN Xin NIE Ren-can ZHOU Dong-ming
(Information College, Yunnan University , Kunming 650091, China)

Abstract We proposed an improved iris recognition algorithm based on pulse coupled neural network (PCNN). Because
the iris location is not enough accuracy, the morphological filtering method was applied to image denoising, which can
improve recognize accuracy. And, by the statistical analysis of oscillation time sequences of the neurons, we concluded
that different iris textures have the unique neurons oscillation time sequences (OTS). Finally we achieved the improved
iris recognition algorithm through calculating and classifying the Euclidean distance of the OTS, In the iris database of

CASIA-Iris-Interval, the experimental results show the effectiveness of the method proposed in this paper, and reveal
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that this method is better than traditional methods in recognition accuracy and recognition rate.
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