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Representing and Reasoning Pitches in Algorithmic Composition Based on Bayesian Networks
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(Department of Computer Science and Engineering, School of Information Science and Engineering, Yunnan University, 650091 Kunming, China)

Abstract  Algorithmic composition is the partial or total automatic process of music composition by a computer. One of

the challenges in algorithmic composition is to create pitches. However, uncertainty is an intrinsic feature of music.

Bayesian network (BN) is an effective and popular framework for representing and reasoning knowledge under uncer-

tainty,and BNs have been successfully applied to a variety of problems. Based on MIDI format to create pitches in algo-

rithmic composition, we firstly built a model about pitches with BNs and a knowledge base based on the model. More-

over, based on bayesian inference, the pitch of every note at each pat could be created. A preliminary experiment demon-

strates empirically that this method for pitch inference is {easible.
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