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Data Mining in Interval Valued Decision Table

WANG Jue LIU San-Yang ZHANG Jie
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Abstract Data mining in incomplete information systems is a hard problem but inevitable in uncertain decision. In this

paper,an extended rough set model based on dominance relation is combined with fuzzy set theory for data mining in

interval valued decision table.then decision rules can be obtained from the decision table. Simulation results show that

the method is effective.
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