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Implementation of Adaptive Multiple Bit Mutation Genetic Algorithm

WANG Ji-Yi!

Abstract

WU Yan-Xian®
(Computer School,Zhejiang Normal University, Jinhua 321004)!

(Jinhua Education College,Jinhua 211000)2

Genetic algorithm is a widely used optimization method. Crossover and mutation are two Basicl operators

of the genetic algorithm. On the basis of analyzing the principles of simple genetic algorithm and discussing its exist-

ing problems of crossover point and mutation bit, this paper presents a way of the adaptive multiple bit mutation ge-

netic algorithm , which not only can keep the population diversity but also has quicker convergence speed. The results

of the multi-modal function optimization show that the adaptive multiple bit mutation genetic algorithm is practical

and efficient.
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RTEWE.Z2XNEERRERE . HESREW
BB R . popSize FFEE K /N . xZomeLength 4k
A3+ 1, mutOps ZF 7 #EE , numMuts 25 BB 7 3,
opts T+ M BE ,bounds A MEUEMIE .
forif i=1:popSize %itWig— % RIKE

max (startPop (: xZomlength )) — startPop (i, xZomelengh) < (max
(startPop(: ,xZomeLength) ) —mean(startPop(: , xZomeLength)))
mutOps(i) =0. 5 * ( max(startPop(: , xZomeLength)) —startPop(i,
xZomeLength))/(max(startPop( : , xZomeLength)) —mean (startPop
(: ,xZomeLength)));
else mutOps(i)=1.0;
end
end
mt=round (numVar/4)+1;
mN=deblank(mutFNs);
mp =find (rand (popSize , 1) <mutOps) ; %IRIEMMEH BT H
EEHMEER
for j=1:size(mp,1)
if (max (startPop (., xZomeLength)) = = startPop (mp (j),
xZomeLength)) X B MERREELR
numMuts=0;
else
numMuts =round (mt * ((max(startPop(:,xZomeLength)) —
startPop (mp (j) , xZomeLength) )/ (max (startPop (: , xZome —
Length) ) —min(startPop( : , xZomeLength)))))
K HMHBEERHM MR K
endPop(mp(j), :) =feval (mN,endPop(mp(j), :) ,bounds,
[gen mutOps(mp(j))], evalFN, numMuts,opts); %id A
T RBERYK
end
end
function [parent] = binaryMutate (parent, bounds, Ops, e-
valFN numMut ,opts)
pm=0ps(2);
numVar = size(parent,2) —1;

;its=calcbits(bounds.0pts(l')); KB = HR AL
mpoint=round (rand(1,numMut) * (numVar—1))+1; % K
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child=parent;

child(mpoint(1, :)) =abs([parent (mpoint(1,:))—1]); %
EROFENRR

x1=b2f(parent,bounds,bits); %t WBERE BN

[xl?}ﬁd(numVar+l)]=hval (evalFN,x1,0ps);
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