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Abstract

In this paper,we propose temporal Dempster-Shafer theory to handle the combination of uncertainty and

time. In temporal Dempster-Shafer theory,the element of the temporal frame of discernment is defined as an event

that associates a hypothesis with corresponding time interval. And the assignment of belief to subset of the temporal

frame of discernment is performed by the mass function. It is a representation and reasoning mechanism that combines

uncertainty and time by the basic frame of Dempster-Shafer theory.
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