i MHLEL B 2003Vol. 30N2. 4

D000 http://iwww.cqvip.com|

B RIR TR B R AR S R R

FRBEIL

PRBAT  fEREX

CPEREZRAETENER £ H230027)

Algorithms of Feature Extraction from High-Dimensional Objects and their Comparisons

LIN Xiao-Li

CHEN En-Hong REN Wan-Ying

(Department of Computer Science, University of science and Technology of China, Hefei 230027)

Abstract

This paper introduces and analyzes several feature extraction algorithms. These algorithms use linear or

non-linear feature extraction methods to project high-dimensional objects into lower dimensional space, thus the

complexity of the operations upon them, such as clustering , the nearest-neighbor search, visualization and etc can be

reduced. The paper also presents some comparative experimental results of these algorithms and analyzes briefly their

advantages or shortcomings.
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