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Improved Particle Swarm Optimization Algerithm for Solving Weapon-target
Assignment Problem Based on Intuitionistic Fuzzy Entropy

SU Ding-wei WANG Yi ZHOU Chuang-ming
(Air and Missile Defense College, Air Force Engineering University, Xi’an 710051, China)

Abstract An improved particle swarm optimization algorithm for solving weapon-target assignment (WTA) problem
based on intuitionistic fuzzy entropy (IFEIPSO) was proposed to improve the efficiency and performance. Firstly, the al-
gorithm sets up an integer decoding scheme for a variety of constraints about WTA to decrease the complexity of prob-
lem. Then, the algorithm updates the partial best-solution of PSO by using an exchange operation and a simulated an-
nealing mechanism which aims to get the better partial best-solution and global best-solution, and increases the partial
searching ability, Finally, the algorithm uses a metric based on intuitionistic fuzzy entropy to measure the diversity of the
population, and designs a mutation operation on the basis of entropy value to improve the population’s diversity and
global searching performance., The results of simulation indicate that the algorithm improves the searching ability of
PSO and it is useful for dealing with WTA problem.
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