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Term and Semantic Difference Metric Based Document Clustering Algorithm
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Abstract The existing document clustering algorithms are based on the common similarity measurement, but ignore the
semantics. So a document clustering algorithm based on maximizing the sum of the discrimination information provided
by documents was proposed. Firstly, the discrimination information of term for the corresponding cluster and for the
other clusters was analyzed separately, and the data set was transformed from input space to the difference scores matrix
space. Then a greedy algorithm was designed to filter the terms with low score from each row of the matrix, Lastly,
maximum likelihood estimation was used to smooth the document difference information. Simulation experiment results

show that the proposed method has better cluster quality than the plat and hierarchical clustering algorithms,and has a
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good quality in interpretability and convergence.
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