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Abstract

discovery and community detection, is now becoming a new problem in intelligence mining from location big data. Based

Inferring social ties from the location information of LBS users, which can provide more information for group

on the theory of co-occurrences, the features of co-occurrences region were divided into four categories,and a new me-
thod based on random forests for social ties inferring was proposed in this paper. The method consists of feature selec-
tion phase and classification phase. Firstly, for the problem that uncorrelatedand redundant features will affect the accu-
racy of result, an algorithm based on Fisher criterion and X test was proposed to remove the uncorrelated and redundant
features. Secondly, random forests was applied in the classification to overcome the problem of existing method that

training phase is slow and the model is easily over-fitting, Check-in data of LBSN users is chosen as test data in experi-
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ment, the results indicate the feasibility and effectiveness of the method.
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