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Community Detecting of Internet Macroscopic Topology

ZHANG Jun ZHAQO Hai LIN Chuan LIU Xiao
{School of Computer Science and Engineering, Northeastern University, Shenyang 110819, China)

Abstract A large number of complex systems in nature can be described by complex networks, Community structure is
the most important feature of complex networks following the small-world and scale-free features. Community detecting
is very important for understanding the macroscopic topology structure of Internet. Aimed at the structure features of
the macroscopic topology of Internet, based on link clustering method, we proposed a community detecting algorithm
which redefines link similarity with routing features to transform the link clustering process. It gives a better community

structure in Internet macroscopic topology. It is further applied into other networks of different types by using link be-
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tweenness instead of link frequency,and better community structure can be gotten.
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