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Abstract Factorization machine(FM) is a new machine learning algorithm based on the matrix factorization. It can be
used to deal with the regression problems, classification problems and ranking problems. The solution of parameters in
this model is based on the optimization method of gradient. However, under the condition of small amount of samples,
the optimization method based on gradient has a slow convergence rate and may stick into local optimum, Differential
evolution(DE) is a heuristic global optimization algorithm. It has a fast convergence rate. In order to improve the accu-
racy of FM, we proposed the DE-FM algorithm, which searches the best parameters of FM model with DE algorithm,
We compared DE-FM with FM on the Diabetes dataset, the Horse-Colic dataset and the Music dataset, and the result

shows that DE-FM can improve the accuracy.
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