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Construction Method of Academic Circle Based on Label Similarity Computation
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Abstract Constructing academic circles for users in the scholar-oriented social network system has important applica-
tion values for promoting exchanges among scholars, Similarity computation is done based on the common properties of
scholars, constituting academic circles with similar academic field and research subject, allowing scholars to collaborate
more closely and frequently. This paper proposed a method which uses scholars of the academic information to extract
the personal characteristics of academic labels,and measures the weight of different class labels. Then through the simi-
larity computation and clustering algorithm, the academic circle can be constructed. By crawling the public information

on the academic social network platform named SCHOLAT to perform experiments, the reliability and usefulness of the

proposed method are verified.
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