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Efficient k-Clique Mining Algorithm in Large-scale Networks

CHAI Xu-qing DONG Yong-liang
(Henan Normal University, Xinxiang 453000, China)

Abstract  k-clique mining in networks is a basis for most network-based applications. Concerning the problem of low ef-
ficiency for mining k-cliques, this paper proposed an efficient k-clique mining algorithm for large-scale networks. First-
ly, the problem of finding k-clique with maximal density is transformed to the problem of finding a k-clique whose densi-
ty is larger than a given density value. Next,a bipartite network, whose left nodes are nodes in the original network and
right nodes are k—1 cliques, is constructed, and the k-cliques problem can be solved within polynomial time applying it.
In sparse networks, the time and space complexities of the proposed algorithm are O(ci) and O(c,) respectively. The

experiments show that, the proposed algorithm is more accurate and efficient than the best algorithm at present, Moreo-

ver, the proposed algorithm can be also applied to mine k-cliques in incomplete networks.
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