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Collaborative Filtering Recommendation Algorithm Based on Overlap Degrees and Double Attributes

ZHANG Bo LIU Xuejun LI Bin
(College of Electronic and Information Engineering, Nanjing Tech University, Nanjing 211816, China)

Abstract Recently, collaborative filtering is one of the most widely used and successful recommendation technology in
the recommender system. However, the traditional collaborative filtering recommendation algorithm has the disadvanta-
ges of the one-sidedness for selecting neighbors and lower recommendation precision. In order to solve the problems,
this paper proposed a collaborative filtering recommendation algorithm based on overlap degrees and double attributes,
Firstly, we used the aggregated results of similarity and overlap degrees to select the recommended set of objects. Then,
we proposed the concept of double attributes, and calculated the reliability of the target user and the popularity of the
target item respectively. At last, taking into account the two groups, we used both user and item rating information to
generate recommendation for the target user, Experimental results show the proposed algorithm is improved significantly

in terms of neighbor selection and recommendation quality compared to traditional collaborative filtering recommenda-
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tion algorithm,
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