CE T EAL W 4 B &AL E A 0

F43H a4l 2 S VA = Vol. 43 No. 4
2016 £ 4 H Computer Science Apr 2016
SIANMMBEZ XM TIMMPHOKREBEBRELEZE

#HER BEK
b7 100029) (EXBA¥HFELEIEXE

H E OOARBETENRERLEFEMTERX RN EELTHPRERBEARLEETEOATEL, #
RGAMBRELERARSESHLGETHE L, BRBEEELASFZ NG XA M B Iey £ R LA FH
BRATEERSFOEAAN RELXRRF., BET - HATHAREIIATHPHAORBBRELSE. £FH
HREARTHRANAKBEETERAMBRLAGREREE, TEEFANA S AL ERITEAHRG LR E %,
EAREEHTFoRR PRARERAE AAHASFHHF R AT AR LI LA G THIH, Bid R E AR M
BEaelZ, RALETFHRCEERTREAEDENE A EAHBER LT Ed i, FASREAR, KA XL Z#4T
KEBERE EABHFORTHEAZESR RELAERS.,

REIR M. REBTH, TFHRTH
hEESHES TP391 XEERIREG A DOI 10. 11896/j. issn. 1002-137X. 2016. 4. 040

Large Data Clustering Algorithm Introducing Time and Frequency Clustering Interference Suppression
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Abstract The data clustering method of large data sets has important research significance in pattern recognition, fault
diagnosis, data mining and so on, Traditional data clustering algorithms use hybrid differential evolution particle swarm
optimization algorithm,but because the cross term interference caused by interactions between components of data flow
has an impact on the correct judgement, the clustering effect is not good. A large data clustering algorithm was proposed
based on the time-frequency clustering algorithm. In the large database of Internet of things from the perspective of
communication, big data clustering feature vector is generated. Arbitrary two cluster vectors are trained of membership
grade about neighbor sample, and information is scheduled in time sliding window model. High frequency component
suppression method is used to conduct interference suppression of time-frequency clustering interactions, By similarity
fusion processing frequency domain convolution and using particle swarm optimization algorithm to do cluster fitness

calculation, we improved the data clustering algorithm. The simulation results show that the algorithm has good anti-in-
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terference and self-adaptive performance,and it has high accuracy.

Keywords Large data,Clustering, Particle swarm, Interference suppression
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