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Similarity Propagation Based Link Prediction in Bipartite Networks
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Abstract Link prediction is an important issue in the study of complex analysis. We presented a similarity propagation
based link prediction in bipartite networks, The algorithm propagates and updates the link similarity scores by a random
walk in the network, In the algorithm, each link in the network is assigned a similarity based on the transmission proba-
bility. The link similarity scores between different parts of the nodes are propagated via the links according to their
transmission probability. The experimental results on real social networks of varying sizes show that our algorithm can

achieve higher quality prediction results than other methods.
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