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Co-location Patterns Mining with Time Constraint

ZENG Xin YANG Jian
(College of Mathematics and Computer, Dali University, Dali 671003, China)

Abstract

examples equality,ignoring the time constraint condition existing in the actual scene. This paper considered the existent

Most of the research achievements of spatial data mining are based on the ideal spatial data and the idea of

time interval of the instance as constraint condition, redefined spatial neighborhood relation R, proposed spatial frequent
pattern mining algorithm TI with time constraint,and by using time overlap as pruning condition, proposed pruning al-
gorithm TI-C, Through empirical data analysis, under the same data set, the efficiency of TI-C algorithm is better than
that of TT, the frequent pattern number of TI-C algorithm is less than that of join-based algorithm,and the frequent pat-

tern of TI-C algorithm can accurately and truly reflect the object’s co-location relation of the actual scene.
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Video Segmentation Algorithm Based on Join Weight of Superpixels

SUN Taoc CHEN Kang-rui
(School of Innovation and Experiment, Dalian University of Technology, Dalian 116024, China)

Abstract

rithms,a new unsupervised video segmentation algorithm was proposed. This algorithm represents the moving fore-

Video segmentation is a hot issue in the field of image processing. Based on traditional segmentation algo-

ground with superpixel algorithm, defines the join weight of superpixels as the possibility from the same object, and cal-
culates the join weight with static features from current frame associated with the relevance feature between frames. In
order to optimize the search of relevance match between superpixels from different frames, the algorithm introduces su-
perpixel color feature constraint and movement constraint. The experiment contains two aspects,and the algorithm en-
sures higher recall rate and stable precision rate in the simple scenario and completes single person segmentation from

the crowd in the complex scenes, Large numbers of experiments show that the proposed algorithm can realize video

Vol. 43 No. 2

image segmentation,and effectively solve the problem of over-segmentation.

Keywords Video segmentation, Superpixel, Motion constraint, Over segmentation
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