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Homotopy Support Vector Machine

JIANG Jin-chao ZHANG Rui
(School of Science,Shandong University of Technology, Zibo 255049, China)

Abstract As a novel artificial intelligence technology, support vector machines (SVM) has been more and more widely
used in various fields. Homotopy regularization method is a regularization method emerging in recent years, which has
been widely used in the inverse problem. This paper applied the ideas of the homotopy regularization to the support vec-
tor machine, and established a new SVM. Meanwhile, we modified the most used Gaussian kernel. Compared with con-
ventional regularization method, the biggest advantage of the new model is that the regularization parameter values

range changes from infinite interval to a limited range (0,1),thus it greatly shortens the time of regularization parame-
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ter optimization,
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