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Abstract
granulation rough set, The granularity entropy of the lower approximate distribution of the variable precision pessimistic

The lower approximate distribution reduction was introduced into the variable precision pessimistic multi-

multi-granulation rough set was defined. The importance of a granularity was also defined based on the granularity en-
tropy of the lower approximate distribution,and a heuristic granularity reduction algorithm of variable precision pessi-
mistic multi-granulation rough set was presented. The experimental results show the validity of the algorithm.

Keywords Lower approximate distribution reduction, Granularity entropy of lower approximate distribution, Variable

precision pessimistic multi-granulation rough set, Granularity reduction
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