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Research on Vertical Segmentation Knowledge Reduction Algorithm Based on Tolerance Rough Set Theory
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Abstract Rough set theory is an efficient mathematical tool for further reducing redundancy. However, practical data
sets are always continuous and the structure is complex. The efficiency of Many existing knowledge reduction methods
based on rough set theory are low., This paper combined tolerance relation together with rough set theory. Then, we put
forward a new knowledge reduction method based on vertical segmentation. The large information system was divided

into one reduced form and other small scale information forms, then they were joined together in order to solve the origi-
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nal information system. An example demonstrates that the proposed algorithm is effective,
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