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Abstract The researches on clustering methods of uncertain data have been paid more and more attention, among
them, the UIDK-means algorithm and U-PAM algorithm inherit the partition-based algorithm defects that can not iden-
tify any shape clusters and is sensitive to noise, FDBSCAN algorithm assumes that the probability distribution function
or probability density function of uncertain data is known, however this information is hard to acquire. For the shortage
of the above algorithms,a new multi-dimensional uncertain data clustering algorithm namely UID-DBSCAN based on in-
terval numbers was proposed. It uses interval data combined with statistic information to describe uncertain data reaso-
nably. And it utilizes the intervals distance function of low computing complexity to measure the similarity of different
uncertain data. The concepts of interval density, interval density-reachable and interval density connected were firstly
proposed and applied to expand clusters. Meanwhile in order to realize automatic clustering, combining with statistical
features of the data,the parameters of density can be adaptively selected. Experiment results show that UID-DBSCAN

algorithm can identify noise effectively, process arbitrary shape clusters and obtain better clustering precision with low
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computing complexity.
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