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Abstract The rapid development of network public opinion makes the evolution of public opinion become the research
hotspot, which is of great significance for the forecast of public opinion. In this paper, we started from text clustering,
for the evolution of public opinion analysis process, making the K-means clustering research in time series,and got clus-
tering center. The time-weighted weighting of word frequency statistics in clustering was made, which makes the statis-
tical keywords more representative. Through the analysis of the keywords obtained by time clustering and time series
weighted statistical method, the trend of public opinion evolution was got. The results show that the method reduces the

dimension of clustering and the noise, improves the accuracy of clustering,and enhances the reliability of evolution analysis.
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