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Improvement of HDFS Balanced Placement Strategy

YUAN Lina
(Department of Software Engineering, South China Institute of Software Engineering, Guangzhou 510990, China)

Abstract The default data replica placement policy for HDFS is only measured using a single metric based on disk
space, the true load balancing of each node cannot be realized. This paper proposed an improvement strategy of the load
balancing based on performance through five aspects, such as disk space, CPU processing power, memory processing

power, disk read/write, bandwidth, and a load capacity model was defined. Experimental results indicate that the im-

provement strategy is better than the default policy.
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