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CSI 300 Index Prediction Research Based on Multi-output Learning

TANG Yan-qin PAN Zhi-song ZHANG Yan-yan
(College of Command Information System, PLA University of Science and Technology, Nanjing 210007 , China)

Abstract In the stock market, people usually depend on the historical trading data to predict the trend of future. The
method of SVM is more common in the stock prediction, but it is complex and time-consuming, and usually predicts the
trend of one day. This article adopted regularization method of multi-output learning to predict the trend of many days.
We improved the method of multi-task learning and put forward the method based on multi-output learning. Experi-
ments in CSI 300 index show that the mean square error(MSE) of prediction in this method is about 10 times compared

to that in the support vector machine (SVM) method,and the time consuming is also reduced nearly three-quarters.
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