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Video Saliency Detection Based on Compressed Domain Coding Length

ZHANG Zhao-feng WU Ze-min DU Lin HU Lei
(College of Communications Engineering, PLA University of Science and Technology, Nanjing 210007, China)

Abstract Biology studies show that people will pay much attention to the moving object when they watch a video. In
order to simulate this feature and detect the salient region rapidly, we proposed the temporal-spatial saliency in com-
press domain model(TS2CD). By respectively using H. 264 residual coding length and motion vector coding length, we
simulated the salient stimulus intensity and then got video saliency features. Finally, we used the linear weighted fusion

algorithm to get the final video saliency maps. Experimental results on three public datasets demonstrate that our model

outperforms state-of-the-art methods.
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