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Iequality Relation of Knowledge Attribute Disturbance Law
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(Department of Mathematics, Huanghuai University, Zhumadian 463000, China)!

Abstract The attribute disturbance of knowledge causes the changing of the knowledge law,and the changing laws are
called disturbance laws. By using one direction S-rough sets and dual of one direction S-rough sets, the concepts of
knowledge upper law and knowledge lower law of attribute disturbance were given, knowledge law and the knowledge
law of attribute disturbance were discussed, and the inequality theorems of attribute disturbance knowledge upper law
and attribute disturbance knowledge lower law were proposed.
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Spatial Fisher Lincar Weighted | ""°
Class histogram scores  Combination Level
Combination
Aero-plane 0.630 0. 610 0, 648 0, 663
bicycle 0.522 0. 500 0. 543 0. 563
bird 0. 384 0.374 0. 426 0. 426
boat 0. 510 0. 490 0, 530 0. 530
bottle 0. 247 0.231 0. 265 0.275
bus 0. 460 0. 420 0, 450 0. 481
car 0. 650 0. 595 0. 670 0. 686
cat 0. 470 0. 450 0. 482 0. 511
chair 0. 455 0. 417 0. 468 0. 485
cow 0. 289 0.214 0,312 0. 336
dining table 0,334 0. 300 0. 337 0. 359
dog 0. 360 0. 335 0, 387 0. 404
horse 0. 615 0. 578 0. 638 0. 669
motorbike 0. 520 0. 501 0. 559 0. 556
person 0. 780 0.779 0. 800 0. 810
Potted plant 0.217 0.197 0,235 0. 247
sheep 0. 315 0.298 0.324 0. 335
sofa 0. 375 0. 350 0. 377 0. 400
train 0. 620 0. 562 0. 624 0. 635
TV/monitor 0. 410 0. 387 0. 422 0. 438
Mean
Average 0. 458 0. 429 0,475 0. 490
Precision

RAVBIESS B L AME, ST H M L ARE RHAE. H
BHEEME, N TRIEXHHARROEBEAME RIHELS
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HIBT= /K F (VOC % = 4 /K ¢ (mean average precision =
0.503) A% 1 WERERTLES , A CERHMFERE SR
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