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Data Stream Fuzzy Clustering Algorithm Based on Relative Density
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Abstract This paper provided a relative density based data stream fuzzy clustering algorithm which inherits the advan-
tages of relative density based clustering and fuzzy clustering, so it can discover arbitrary-shape and multi-resolution
clusters. With the subtraction operator on the set of micro-clusters which is defined according to the spatial overlapping
relations among micro-clusters, this algorithm can do clustering on any user-specified data stream window. Compared -

with CluStream algorithm on the two areas of clustering quality and processing time, this algorithm demonstrates a clear

advantage,
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BEGIN

Seto fDmiclus=InitMiclus(ds, gmice ) 5/ /D3 VIR R IBIRE
5

Seto fCmiclus=Q; / /IR IBE LB ENERE

REPEAT

FOR i FROM 1 TO w DO

dataobj=GetDataObject(ds) ; / /B QE Tk
Seto fmiclus= Seto f Dmiclus|) Seto fCmiclus;
miclus=SearchMiclus(Seto fmiclus,dataobj) ;
IF miclus#NULL THEN
/ /% dataobj J& T CFFTERIIE miclus
UpdateMiclus(miclus,dataobj) ;
/ MEBUHIE miclus WRIEAE 5 BFITE BRI
ELSE
c_miclus=NewCMiclus (dataobj ) ; / /BB — 1 Hr R K HHE
o
Seto fCmiclus=InsertCset(Seto fCmiclus,c_miclus) ;
END IF;
END FOR; /@£ 458, FOF
Broise = $roise T func(w) s / / $roise RYEI
Seto fmiclus= Seto f Dmiclus|) Seto fCmiclus;
FOR EACH miclus€ Seto fmiclus DO
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/BB MENPER S A EARY, WL
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IF (miclus. a,.,w<a—20) AND (miclus€ Seto fCmiclus) THEN

ClearMiclus(miclus) ; / /55 @#

END IF;

END FOR;//$38Q@#$ %K

WHILE LowSpace() DO //FFi&5G %
MergeMiclus(Seto fDmiclus,rd s Fma) 5
MergeMiclus(Seto fCmiclus,rd JTmax) 3
IF LowSpace() THEN

;m,,x“-: Enlarge(;mx) 3

END IF; .

END WHILE; / /2R $®#
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SaveToSnapshotSet(i, Seto f Dmiclus\J Seto fCmiclus) ;
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END IF;

UNTIL;
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