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Semantic Retrieval Based on Weighted Domain Ontology
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Abstract This paper proposed an approach called WOSR for the semantic retrieval of domain resources that have been
previously annotated with ontology concepts, Firstly WOSR developed domain ontology and associated weights with
concepts through uniform probability distribution. Secondly the similarity between concepts was computed by using
their weights. Finally calculated semantic similarities between a user request and the domain resources,and the answer
was returned in the form of a ranked list ordered by semantic similarity. Experiments show that WOSR yields a better
performance than other classical methods.
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WRME v EXH

ro=(cry***1¢,)
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AHEESNE, Bk E oS HEBEEMNRENE rav
HErvHEL TS, XE rav BEHNESS o FHE
L— AR AL .
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R SH

E(rv) = {dr€ DR|semsim{ravg srv)>h}

KF, semsim(ravy ,rv) B rave 5 ro Z [A] 0935 SURLBE , %
ERATHRANA. h BERBELFHERBEHRE, Hik,
—MNEREBEHINEFREEFRORERR rov FIFRH &
rv BT SCHIBUEE X T4 & R
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4.1 WEMEE

HTRFERNRRHRES, B 1 HR0RRESE
AEHER., XE- M ISAGEXREBRSALERN
RORBWEH, AP SELRETIE. RITRAYE
MESAHTEIRESHENE. IMREWOREN
Thing , RFBMEBHIBE, ERHEER w(Thing) FF 1. B
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H 0 M — TR IIHER we,) =w(c) /n, XEAMERE
EESHEBENNE, RTEANEEENS LS. A ES
“Cotton” I E w(Cotton) =0, 03, X H K w(Natural) =
0. 08 LA R #L& “Natural”F 3 FHEE.

O 0 o o
Suit Skirt Jacket Pajama Pant Vest
003 003 003 003 003 003

oI O 0 O S 0 o O
PES Orlon ZhongShanTang ChiPao Black Dblue While Pink
0.04 0.04 004 004 0.04 0.03 003 003 0.03

Bl B LB AR R A Sus A ik

FIRZRFETIBA RS, B 20— IREE T & 47
THE. §—THRERE TR & REGT R & rav, BT
ByriEm BRI T S5 IRE DR, LMETHP R,
4.2 BESHROEMNITE

B WA RE WL SRR B AR
B, PR, AT IR E R B R R &

rv=(OuterW, Cotton , Dblue, CHN) @)

— B & T HEWHR IR rv, WOSR LB BEBTE ro
MGUHER BRI EG — A rav Z 18R HiE AU semsim , TE
b AR 1 ARUE semsim BT HE TR E IR MR
) & RS 2 B BESAR VR consim

XS E I EEE T o [15] 8 e k.
BREREHILE ME cWERRIOWENLR

o) =~logw(c)

A, wlORME c BE. AR, MELMABRE
M BT AN E K, B RIE B R,

BT o Fic; » ENTHMRLEE consim(civc;) , BE
XA MEEEENRAEERBUAMMIENERED,
WA SRR E—MOREE A E ¢ 5o, M EHwR
lub (e e )RR ZPHR GG B ST SRR A
FERBARMBE— 4 R BB T B TFHIENEFE
FEEEMRAE SR, HAHMETEARXS

consim(c; s ¢; ) = 2logw (lub (c; » ¢; )) /ogw (¢; ) + logw

(¢;))

AN 75 A IR 3 A O G Y R 4 o, & Corton” FI
“Wool " BESERUE TR A A

consim ( Cotton, Wool ) = 2logw ( Natural) /(logw ( Cot-

ton)) + logw(Wool ) =0. 70

X2 NS Natural” B ¥E 28 Cotton” F1 “Wool " i) &
WA BUETHANTHERENEAEEE.

4.3 BEXMHEUEMITE

AFRSI A AT B FIAR AT LB consim SR I P &
WR A8 rv 5IREET M M EARE R & rav 195F AL
[E semsim . TEJ ST, SERTER ] & Z B B B AEM &
B R (553 SO A X AR AR BE 1) AR K SRR Y
SRR 1) BB E SCRBLE .

B B -RREUE ke R

rvdrav={(c; y¢;)}

K, i=1,n, =1, ,m,n=|rv|,m={rav|,c; Erv,¢; €
rav,

INFTRTR , Xt T 45 — Xt #E & AR AR 05 11 B oh A AR U

consim, SR, WATATEZ IR H Al BN, XEAN
A BT B A SE PR B S0, BN AR & Cotton”™ F1“ ChiPao” (I BE
. BERAMGROERT, RS HEBE5 - RE
HECXT, WHRRARF SN ~RE. BEXHUENTTE
AW

semsim(ru,rav) =max( 2 consim(c; y¢;))/n
K, n REMER BT,

3 F1EXHBUE semsim (rv, rav) T B MEE TRE"
SrE R B KICE RSN EE S RANBERUE LN T
F)E 307 (Hungarian Algorithm) 3 ZREH .

Biln, 3 T 2K (D b A KB & o B R bR R
(Shirt, PolyC, DeepC, Korea) , ¥E & ¥ 0 £ & {(OuterW,
Shirt) , (Cotton, PolyC) , ( Dblue, DeepC) , (CHN, Korea) } &
B R BESARE consim BLEH 0. 58, HE A MBI £
BB NRA, EIE B, 0. 58, TR
B

constm(Shirt,QuterW) =0, 49

constm(Cotton, PolyC) =0, 41

consim{(Dblue , Dee pC) =0, 89

consim(CHN, Korea)=0, 53

semsim(rv, rav, ) = (0. 49+0. 41+0, 89+0. 53)/4=0. 58
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PR B S5 R4 LUE SO B85 HEF 9 TE 2R
ESAA ERAEEMES FAEHERME L WREZR
FREERS,
5 SKIEITM
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AT WOSR F7 4T T HIE RS IFM, SCIR AT
A 43 358, A A T 450 B U P 4 0 L 1 TSR 1, sk 4T B
FAERBRMRERMN R G=1,--, 12) X H B FERE A& rau
AT TR, APNERERMENRXO R, PR KE
EEFES I EMATSBAKNERNMELE. ATSHEA
i 30 & BT S W A AR, BT B3 A EIESR
IR ks Al e T % W R = ) A BB Al R A 1L T B P 194

F1 RS EARG

i HEL HETE
Ri ravi (Shirt, PolyC, DeepC, Korea)
Rz ravy (Jacket, Cotton, Pied, CHN)
Rs rava (OuterW, Silk, Calico, ChiPao)
R4 ravs (Suit, Black, Wool)
Rs ravs (Shirt, PureC, Cowboy)
Rs raveg (UnderW, Cotton, White)
Rz ravy (QuterW, Silk, Pied, Tang)
Rg ravs (Skirt, PES, Calico, Lolita)
Re ravg (Jacket, Blend, LightC, Cowboy)
Rio ravio (Pant, LightC)
Rn ravi) (OuterW, Blend, Black, ZhongShan)
Rz raviz (Sweat, Wool, Stripe)

F2RRMEXHUETELEREETATLSE4YA,
WOSR F#E MU K BLA R FE MK 2 5 2 Dice K09 Jac-
card Y0 Salton R M B R. LRGRKH,
AR LT H AL S5 B, WOSR MU HH 85 R A AT
SRERNPIERELERS.
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F2 EURUETHHESRL

K 3% WOSR Jaccard Dice Salton
R 0.63 0.61 0.14 0.25 0. 06
R. 0.91 0.96 0. 60 0.75 0.19
Rs3 0. 66 0.73 0.14 0.25 0. 06
Ry 0. 50 0.58 0. 00 0. 00 0. 00
Rs 0. 48 0.44 0. 00 0. 00 0.00
Rs 0. 30 0. 54 0.17 0.29 0.08
Ry 0.82 0. 80 0.33 0.50 0.13
Rs 0.52 0. 41 0. 00 0. 00 0. 00
Rg 0.58 0.62 0.00 0.00 0. 00
Rio 0. 64 0. 50 0.50 0.67 0.25
Rn 0.74 0.76 0.14 0.25 0. 06
Riz 0,55 0.48 0.17 0.29 0.08
HxE 1. 00 0. 81 0, 64 0. 62 0. 50

5.2 MRMURTH

HIFHHE RIS AP R RER, RIMBAUA TS R4Y
BIGERAFAER IPAG WOSR Jrdk. 7ER 3 PX LB RT A
AW R WOSR RS R AR R E 2% RIE
SRS BERAT T HEF AR BIE » B2 AR TR R
FERSY, BMER DL E MR ROR R B P TEX EBIE A E
#0.55,

#3 RRERHFIIE

ALSREY WOSR 7 i
BRELEE HUE RELZR MUK
Rz 0.91 Rz 0. 96
Ry 0.82 R7 0. 80
Rn 0.74 Rn 0.76
Rs 0. 66 Rs 0.73
Rio 0. 64 Re 0. 62
R1 0. 63 Ri 0,61
Ry 0.58 R4 0. 58
Riz 0.55 €339
Rs 0.52 Rs 0.54
Ry 0.50 Rio 0.50
Rs 0.48 Rz 0. 48
Rs 0. 30 Rs 0,44
Rs 0. 41

REUENERHERENEEER. A2FEURF
measure, iTB H EAFER. RIE\EER 3 HER, MREA
TSRANGRBENRBURE, MREELFEN 5%, &
HEF % 86% , F-measure {82} 80%, WOSR H I R R
BHERIRL.

BERIE AXTEHAFTE TR AKE SR
B R S SRR A0 07 IR U AR A S AR,
FRE B BRIy 2R BB S 2 8] MR DLBE , 3F LA sE R 2
RS B ER M BRRERE AR EIE ARCUE . B R R
BHE GRUER K/ MR R R B HEFRRIGHP., &
BFRA, SHMSH TS, AT RNMEUETESR
MATISHBALERNHEXERR, FAREIETEHNER
EIRBEIRRY.

TEEEMRPRIES T — SR EFEHEERS
AR AR ST, 5/ EE BN EMER RN T
ERABRK  AFAPEECEARANERERE.
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