FAlE 5B

" it BB R %

Computer Science

0 0o

2014 4E 8 Aug 2014

(MAEHEBFEHAERERE B KE 050024)°

ET S-CtERXBMURRTE

BOACCC BERYC SRR WEE FRg
GTAJEEAEBF 5 ERREER B R 050020)"
AL JB 96K 3 % 30 43 U 91 92

B E HAAAGRBEANTARHBX P GOSEA P AL THERPFOAmibh, AR S ANKIE W S0,
DAFFEARAAFTHEAETR B2 ARNEAHK R T TERFAHE, BE T —HHHEAFSCLAHXY
—5— = B B S ERMAN TR T FE, FASHBT SCLENARELFPASCABETA
BARN B A4 R T SCARGRAPRFIR; BEALELRA KBS AR 4N EEmLRb K
REBR®, A SCALBFGEAMES U B X EHX G ABARYRFTTARET, A oHTRFTHR, TREREA
B BT R A AL T S A RIFH R TR,

XEE AB,EABAY, TR, BXERS, TEERIER

HEESFES TP39L XEKARINEG A DOI 10, 11896/j. issn, 1002-137X. 2014, 08, 056

Visualization of Association Rules Based on S-C MetaGraph
CHEN Min'** ZHAOQO Shu-liang"*®* GUO Xiao-bo! LIU Meng-meng"?® LI Xiao-chao"**
(Mathematics and Information Science College, Hebei Normal University, Shijiazhuang 050024, China)!
(Hebei Key Laboratory of Computational Mathematics and Applications, Shijiazhuang 050024, China)?
(Institute of Mobile Internet of Things, Hebei Normal University, Shijiazhuang 050024, China)?

Abstract Considering the problems aroused by the traditional association rules visualization approaches which are ori-
enting to expert users while ignoring the normal user perception, even more when the number of rules increases, particu-
larly prone to overlap among edges and nodes,as well as result in reducing the performance and readability of rule rep-
resentation, this paper proposed a novel form of visualization display method based on S-C metagraph to show one-to-
one, one-to-many, many-to-many association rules, Firstly, gave the basic definition of S-C metagraph and the model
showing association rules using S-C metagraph. Then gave the properties and derivation process of S-C metagraph for
visualizing association rules, Finally, with the help of experimental data obtained from demographic data of a province,
combining with the Preattentive Processing Theory and Gestalt Theory, we illustrated multi-mode association rules in
the combination form of S-C metagraph and spindle, and analyzed the effect of the visualization display. The realistic ap-

plication analysis and eperimental results turn out that the proposed visualization method has excellent visual effects.
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