Vol. 37 No. 6
June 2010

BITH F
2010 4E 6

[

9 HOE MR %

Computer Science

a

— M ET R AR AR5 % B 77 7% SME

Fa8? BB O
(B AFEETEFE K 100083)! (LEEERAFAETENER
b A EHNAFEERHRFER A 100876)°
(A2 ENMFEERARFER  dLiE 102206)

4L 7 100192)°

H E ARBHAAIEATAKGELSANSERG LM, AMRuit A IAOES5 AR A KA B R AR e AaaE & &
A RGA, ER KA X8, FARRBNEAATMARRESC ALY, B E-FEATESA LA RS E
A% # SME(SCM-based Mapping Extraction) , iZ F AN &N BRI ZAEEZ L4 KENERE, AR XNB
AR X B bt AR B X AR AR B A AR R R e S, FIIERA A ik AR RITFH LR,

XEH BHEAALFLFLE HERHAK,BHER

PEESES TPI8I XEHRIAE A

Novel Approach of Ontology Mapping Extraction SME
XIA Hong-ke"? ZHENG Xue-feng' HU Xiang®*
(Information Engineering Institute, University of Science & Tech. Beijing, Beijing 100083, China)!
(Computer School, Beijing Info. Science & Tech. University, Beijing 100192, China)?
(School of Computer Science & Tech, ,Beijing University of Posts and Telecommunications, Beijing 100876, China)3
(Computer Science & Tech. Dept. ,North China Electric Power University, Beijing 102206, China)*

Abstract Ontology mapping is the foundation of semantic query and semantic integration based on ontology. As the
crucial point of ontology mapping the task of mapping extraction is to find whether there exists the ontology mapping
among the similarities between source ontology and target ontology. In this paper the problem of mapping extraction
was regarded as the problem of set covering,and a novel ontology mapping extraction algorithm based on set covering
SME (SCM-based Mapping Extraction) was proposed, by which the property set that covers the training data set in
maximum degree was searched during training stage, and the mapping extraction was carried out by means of the con-

junction of the properties of property set in testing data set during testing stage, Experimental evaluations show that

this method has better comprehensive performances compared with other algorithms.
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SME(S, p,s,T,C)
Input; A training set S,a penalty value p,a stopping point s,a testing
data set T
Output: the category set C of T
// Training Stage, Preprocessing
(DR=Q,H=0,
(2)InitializationPN(S, P, N)
//Constructing H
(3)Foreach x; in S
Foreach z; in P
Q. Dp=d(x;>x;)
(3. 2YH=HU{h,; ,}
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(5)Do
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