ERVE N E

Vol. 37 No. 5
May 2010

S B B

Computer Science

2010 4£ 5 H

SR B BN FHREIISRE S B 7%

&
(HMEFHEAFE  HM 310032)

Mg H—F
(HL T A ENFER  HM 310014)1

W E 44CAREEERA-A5 LB 2B EFARKAR S ELERAENE, R ERBERFAEH LG ERIFT T
AFNBL AR EREIH MELKAERNEFNGAA S EHY, FEOBCTHARRAMARA TR EZ
B eG4 E A ARt B EMEA R IE Rd, B A AL AR A AT s A A 5 R R AT 49 R AR Gibbs £
HEFSEEURTRE, EF ARG S E SR, A AREXRETHARAS S ERAN, Z L RS RFHEBIE
EREZBAEFINGARSHERE NTBEET L 2B SRS T XM,

XgiE MAFEHH FEFEE LAHAER, FHEMNG

HEESFEE TP391 XEFRIDES A

Adaptive Parameters Conditional Random Field Video Segmentation Algorithm
ZHENG Herong' CHU Yi-pingZ PAN Xiang'

(School of Computer Science, Zhejiang University of Technology, Hangzhou 310014, China)’
(School of Computer Science, Hangzhou Dianzi University, Hangzhou 310032, China)?

Abstract Aimed at the problem that the video segmentation method based on conditional random fields needs set em-
pirical values to obtain optimal segmentation results, the video segmentation model was proposed to compute adaptively
video neighboring relationship feature function by video features and construct adaptive parameters conditional random
fields. The core idea of algorithm is to calculate different kinds of model feature function by pixel neighboring relation-
ship in video, these feature energy functions are constrained by conditional random field model, which is solved via Gibbs

sampling algorithm to obtain globally optimal segmentation results, The experiment shows that the results of adaptive

parameter algorithm are the same as one of optimal empirical parameters.
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