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Face Detection Based on Adaptive Tracking Window Scale
LEI Zhen' WANG Qing-hai' WU Ling-da® XUE Ting-mei
(Department of Information Engineering, Academy of Armored Force Engineering, Beijing 100072, China)!
(Multimedia Laboratory of National University of Defense Technology, Changsha 410073, China)?

Abstract As an effective iterative algorithm, Mean-shift is widely used in object tracking,image smoothing and other
computer vision areas. In view of the fact that the standard Mean-shift tracking algorithm is lack of scale adaptation
mechanism and Camshift algorithm needs choosing face local sample manually to track accurately before detecting,an a-
daptive tracking window scale algorithm was proposed for detecting face in video. The algorithm adopts illumination
compensation and skin color segmentation to rectify the size and location of tacking window. The results of experiments

show that the proposed algorithm not only has good real-time capability, but also reduces the location error of the tradi-
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tional algorithm and achieves more accurate face detection in video.
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for(i=0;i<<H;i++) //H NREHEE
for(int j=0;j<<W;j++) //W M IREEB S0
{
/1B BB R BRI R
10ffset = this—>PixelOffset(i,j, wBytesPerLine) ;
/ /8 BIARA = R G
m_b = % (IpData-+10ffset+-+);
m_g = % (IpData+1Offset++);
m_r =  (IpData+10ffset++);
/IR IKEE
int m_gv = (m_r* 299 + m_g* 587 + m_b* 114)/1000;
histogram[m_gv ]+ +;

int calnum =0;
int total = width * height;
int num;
//F PRI S B B B thresholdeo AIGE R K E SR
for(i =0;1<C256;i++)
{
if ( ({loat) calnum/ total<Zthresholdco)
{ calnum—+ =histogram[ 255—1i];
num = i;
}
else
break;
}
int averagegray = 0;
calnum =0;
/BRI HEFEHEEBNKER
for(i = 255;1>=255—num;i——)
{
averagegray += histogram[i] * i;
calnum = histogram[i;
}
averagegray /= calnum;
/B EDRRAMER R
float m_p = 255, 0/ (float)averagegray;
// T ERTEIR A E ST R M
for(i =0;i<{H;i+-+)
for(int j=0;3<<W;j++)
{
10ffset = this—>PixelOffset(i,j, wBytesPerLine) ;
/7



m_b = x (IpData+10ffset);
m_b * = m_p;

/R R A

if(m_b >255) m_b = 255;

* (IpData+10ffset) = m_b;
/1%

m_b = x (IpData+10ffset+1);
m_b * = m_p;

if(m_b >255) m_b = 255;

* (IpData+10ffset+1) = m_b;
/74

m_b = x (IpData+10{fset+2);
m_b * = m_p;

if(m_b >255) m_b = 255;

* (IpData+10ffset+2) = m_b;
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