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Abstract

aided detection of microcalcification is a challenge in the field of medical imaging, To improve the performance of the de-

Clustered microcalcification is an important signal for breast cancer in the early stages. However, computer

tection system.a large amount of lesion labeling is essential. Besides the difficulty on collecting samples itself, it also
takes experts much time for manual labeling. Few state-of-the-art techniques take into account this problem. W first ap-
plied the techniques of active learning with SVM into this area to try to solve this problem, The basic conditions for the

selected training set samples were proposed. The experiments on benchmark dataset show that our approach can reduce much

works on labeling samples with holding the classification performance of the system of detecting interesting ROI regions.
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¥ 2 60 | 66.22 | 37.87 | 15.78
- 0.4 0.1 5 120 | 75.38 | 28.29 [ 17.28
= 10 220 | 78.33 | 24.46 | 17.00
%ft 2 60 | 66.14 | 37.96 | 15.53
* 0.3 | o2 5 120 | 76.16 | 27.47 | 16.77
E:3 10 220 | 78.59 | 24.06 | 17.08
60 | 65.94 | 38.04 | 16.64
0.2 0.3 5 120 | 76.02 | 27.97 | 15.82
10 220 | 78.61 { 214.40 | 16.27
EXIPN:591
2 60 | 66.67 | 37.51 | 15.61
- R
N o5 . 120 | 76.42 | 26.96 | 17.29
10 220 | 79.01 | 23.88 | 16.20
# TNBER
% . 2 60 | 73.01 | 28.51 | 24.52
’ A 8] K W
L o5 . 5 120 | 76.61 | 24.66 | 21.48
’ 10 220 79.57 | 22.32 | 17.58
E% %% | y=0.03.C=100 709 | 80.56 | 21.33 | 16.67
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