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Improvement of Web Information Extraction Algorithm Based on HMM

ZHU Wei-hua LU Yi LIU Bin-bin
(School of Software Engineering, Chongging University, Chongging 400044, China)

Abstract With the development of the Internet technologies, the information on the Internet increases exponentially.
One important research focuses on how to extract structured data from these great capacities of online documents in un-
structured texts. This thesis mainly studied relative algorithms on Web information extraction based on hidden Markov
model( HMM) , discussed how to use HMM and how to mark data in text information extraction, offered several metho-
ds to improve the hidden Markov model in information extraction, introduced the establishment of Web information ex-
traction model based on HMM, Comparatively analysed the output data of information extraction, verified the validity of
the algorithm through experiments.
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