BIHE F1H

Vol. 37 No. 1

it & ¥ R %
i Jan 2010

Computer Science

201041 H

ETR/MIMERFMEN BRI RBEGER

R & F

(IABBAFHENR¥EE TE¥R  HIT 212003)°

R g
(THASREEIREEE £ 214122)°

B E RET7T-AWORTROBEAMENE G AB KBRS F S, A RRRT B AR RS K12, /7 B4
FTEFRDEE THEZTRREL, RBCFA THEXRBAEY Hu R E4EH Zernike R ESEAF A BEHEE, R
TR AT A B ATER, BRB0ER T — B EaTHRKESA T, EF 2 RGHEME, mA
THEBAMEABREALEA S, B XFTERAN SR ERMATERRBROR L EEREBTERAR LB AN
B&,
EZ 30
FEZESES TP391.41

H B AME,Hu 46, Zernike 48, B4k, B4 &
SCERERIRED A

Shape Image Retrieval Based on Compensation Mechanism under Minimum Circumscribed Circle
SHU Xin"'? WU Xiao-jun' PAN Lei'

(School of Information Technology, Jiangnan University, Wuxi 214122, China)!
(School of Computer Science and Engineering, Jiangsu University of Science and Technology, Zhenjiang 212003 ,China)?

Abstract A novel shape image retrieval algorithms based on compensation mechanism under miminum circumscribed
circle was proposed in this paper,which not only extract the features of the target area, but also compensate the back-
ground characteristics of the object under miminum circumscribed circle, Extracting the Hu invariant moments and
Zernike moment invariants,commonly used in the description of the regional characteristics, as image features, Moment
invariants have the unchanged characteristics of translation, scaling and rotating. Similarity is given by the Euclidean
distance between two images’ normalized moment vectors. The approch is implemented simply,and compensates the hu-
man eye’s visual experience effectively. A large number of experiments shown that the approach can achieve better ac-

curacy and recall rate than that based on an object area only.
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