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Abstract Research on sentiment lexicon is an important content on text sentiment analysis research field. The method
of text sentiment analysis based on sentiment lexicon is very effective, It is very meaningful on automatic analysis senti-
ment for news reviews on internet. In this paper,a construction method of sentiment lexicon for news reviews was pro-
posed, which learns Graph-Ranking model principle. The basic idea of the proposed method is as follows. Firstly,Get the
word set of news reviews and the seed words with the corpus and basic sentiment lexicon. Then calculate the strength
and polarity of the word set of news reviews according to the proposed algorithm based on PageRank. Finally, Construct
the sentiment lexicon for news reviews, From two aspect the experiments show that the proposed method is effective,
one is the accuracy of deciding the polarity of sentiment words, the other is the classification performance using the sen-

timent lexicon which was constructed by proposed method.
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