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Abstract This paper discussed several parallel ways of ant colony optimization and their application scenarios as well as
the feasibility of combination with the cloud computing framework MapReduce. Ant colony optimization with the local
search feature was abstracted into several components, and then several interfaces based on MapReduce were built to
implement each component. It provides a flexible, scalable solution for ant colony optimization with the local search fea-

ture to implement parallelism with the MapReduce framework. Finally, simulation results validate the proposed ap-

proach on the traveling salesman problem.
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