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Abstract Compared with traditional location-based queries, spatial keyword queries can better meet the requirement of
actual query processing. The paper addressed the issue of processing spatial keyword queries which consider both the
distance and the keyword similarity of objects, and presented an efficient method to deal with continuous spatial key-
word range queries in road networks(CRSKQ). A network model which considers the road segments, the objects, and
the connectivity of the road network was proposed to support CRSKQ query processing. In order to continuously moni-
tor the query result,a method which includes two phases, the initial query result getting phase and the continuous moni-
toring phase, was proposed. In the first phase, the initial query result objects can be found by road network expansion
and keyword matching, In the second phase, the cost of continuous query monitoring can be greatly reduced by taking

advantage of the query result of the previous time. Finally, experimental result shows the efficiency of our method.
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HiE 1 GetlnitRSK
input: query point q(q. 1,q. keywords)
output; Return the range spatial keyword query result of q(q. RSK)
Begin{
(1) List L=, Set Cand_set,q. RSK=0);
(2)Search network-R tree to locate the MBR including q;
(3)Locate the road segment e where q is moving on;
(4)Insert all the object o locating on e, supposing that dist(o,)<Cr,
into Cand_set; // dist(o,q) is the network distance from o to q
(5)Insert the two end points n of e ,supposing that dist(n,q)<{r,into
L. in ascending order of distance
(6)>while(L. not empty)
(7) {p=dequeue_head(l.) // dequeue the head element of L

(€3] for(each non-visited node n which is connected to p)

(9 Insert all the objects o on road segment np, supposing that
dist(0,q)<Ir, into Cand_set;

(10) Insert n into L if dist(n,q)<r;}

an

(12)For(each object o in Cand_set)
(13) { Insert o into q. RSK if 0. keywords includes all the keywords
in q. keywords; }

(14)Return q, RSK;
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Input; The initial query result set(q, RSK)
QOutput: The final result set(q. Final RSK_Set)
Begin{
(1)List RCP_List= @, Set RSK_set=q, RSK, Cand_set, q. Final _
RSK_Set=0;
(2)Let n be the end point of the segment e which q moves towards;
(3)Call GetInitRSK using n as the parameter;
(4)For each object o in the union of (q. RSK, n. RSK and the objects
located on part of segment from g. [ to n);
(5) {insert o into Cand_set if o, keywords includes all the keywords
in q. keywords}
(6)For(each object o in Cand_set)
(7> {get the distance function fdist(q, 0, x> which is a liner function
of x;//x is the distance which g leave its original position q. 1
(8) if fdist(q,0,%; ) =r at some point x; ,insert(x;,0) into RCP_
List in ascending order of distance;}
DNx=q.l;
(10) while(RCP_List is not empty)
(11)  {(xg,0) =dequeue_head (RCP_List)// dequeue the head ele-
ment of RCP_List
(12) Insert([x;,x; |, RSK_set) into q. Final_RSK_Set;
(13) if(o is belong to RSK_set)
14 delete it from RSK_set;
(15) else insert it into RSK_set;
(16> TInsert([x;,n],RSK_set) into q. Final_RSK_Set;
(17)Return q. Final_RSK_Set;
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