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Modified Warning Propagation Algorithm for Solving Regular (3,4)-SAT Instance Sets
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Abstract Based on the critical characterization of the minimal unsatisfiable formula,a 3-CNF formula can be reduced to
a regular (3,4)-CNF formula within polynomial time. Thus the regular (3,4)-SAT problem is NP-complete. The war-
ning propagation algorithm(WP) converges in high probability on the regular (3,4)-SAT instance sets by reducing, but
it can’t determine the satisfiability of the formula on any instance,so the algorithm fails to solve the problem. For a re-
duced regular (3,4)-CNF formula, the difference between the positive and negative occurences of each variable has been
found to be stable. With this feature.a WP algorithm based on the rule of positive and negative occurences was proposed

to solve the reduced regular (3,4)-SAT instances. The experimental results show that the modified WP algorithm is ef-

fective for regular formulas. Therefore, the regularity of the formula can be used to study the convergence of the WP al-

gorithm.
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regular (3,4)-SAT instance sets
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