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Abstract The semi-structured, unstructured and massive supply chain finance data make the analysis method relatively
complicated in large data environment. How to use the unique characteristics of large samples to improve classification
performance is worth exploring for the research on large data samples. This paper analyzed the main factors, which affect
the classification model of credit risk based on the distribution characteristics of financial data in supply chain, proposed
distribution characteristics of credit data after researching the relevant achievements over the years,including imbalance
data,noise and outliers.nonlinear multidimensional and so on,and then discussed further solutions to mine the know-

ledge of the massive financial data,which provides an effective theoretical basis for the construction of credit risk model.
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Table 2 Top 10 research area journals of SCF contributions

4 4 S i L * B AT A

To-Ql1 To-Q2 To-Q3 Ti-Ql Ti-Q2 Ti-Q3 ToTi-Ql ToTi-Q2
OPERATIONS RESEARCH MANAGEMENT SCIENCE 100 49 32 15 3 1 17 10
MANAGEMENT 79 33 17 12 1 0 12 6
ENGINEERING INDUSTRIAL 48 21 15 8 0 0 4 5
ENGINEERING MANUFACTURING 42 19 10 ! 0 0 5 1
ENVIRONMENTAL SCIENCES 30 2 1 4 1 1 1 2
ECONOMICS 29 9 3 3 1 0 3 3
ENVIRONMENTAL STUDIES 21 5 2 4 1 1 2 2
MATHEMATICS INTERDISCIPLINARY APPLICATIONS 20 7 5 11 3 1 4 5
GREEN SUSTAINABLE SCIENCE TECHNOLOGY 18 2 1 4 1 1 1 2
BUSINESS 15 7 3 2 1 0 3 2
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