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Improved ROUSTIDA Algorithm for Missing Data Imputation with Key Attribute in Repetitive Data
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Abstract With the rise of data analysis,the importance of data pre-processing has attracted more and more attention,
especially the imputation of missing data. Based on the ROUSTIDA algorithm, this paper proposed an improved
ROUSTIDA algorithm— Key&.Rpt_RS algorithm. Key& Rpt_ RS algorithm inherits the advantages of ROUSTIDA al-
gorithm,considers the characteristic of repeatability in objective data,and analyzes the influence of key attribute on im-
putation effect. At last, this paper conducted the experiments based on the alarm data in communication network. The

results show that Key& Rpt_RS algorithm outperforms the traditional ROUSTIDA algorithm in terms of the imputation

effect for missing data.
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Table 1 Example of ROUSTIDA algorithm without imputation
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Fig. 2 Flowchart of Key& Rpt RS algorithm
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Table 4 Information system S' (ROUSTIDA algorithm)
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Table 7 Information system S'(Key&. Rpt_RS algorithm)
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