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New Three-way Decisions Model Based on Granularity Importance Degree
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(Engineering Lab of Henan Province for Intelligence Business & Internet of Things, Xinxiang, Henan 453007 ,China)
Abstract Granularity importance degree is an important content of multi-granularity rough set. Now, the construction
methods of granularity importance degree only consider the direct influence of single granularity on decision-making,ig-
noring the combined effect of other granularity on decision-making. Combining the concept of multi-granularity approxi-
mated quality,this paper studied the construction method of granularity importance degree,proposed a new granularity
importance degree calcuation method among multiple granularities, and gave a granular structure reduction algorithm
based on this method. Meanwhile, in order to reduce the redundant decision information, through combining reduction
set and three-way decisions,this paper constructed the three-way decisions model based on granularity importance de-
gree,and gave the decision rules in detail. Finally, the results of an example show that the proposed granular degree re-

duction algorithm can obtain the data with larger discrimination,and narrows the range of delay domain.making the fi-

nal decision more reasonable.

Keywords  Multi-granularity rough set, Granularity importance degree, Granular structure reduction, Three-way
decisions
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