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Review of Social Recommendation

WANG Gang JIANG Jun WANG Han-ru

(School of Management, Hefei University of Technology,Hefei 230009, China)
Abstract Social recommendation system is becoming a hot topic of concern with the rapid development of Internet so-
cial network. First of all, this paper introduced the basic theory of social recommendation,and explained the concept and
basic framework of social recommendation. And on this basis,this paper classified social recommendation as individual-
oriented social recommendation and group-oriented social recommendation. Then, this paper gave the formal definition
for individual-oriented social recommendation and group-oriented social recommendation respectively, and summerized
the current research status in the view of individual and group. Individual-oriented social recommendation includes re-

commended methods based on predicting and sequential learning. Group-oriented social recommendation includes recom-
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mended methods based on integration of method and the integration of results.
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