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Age of Big Data:from Von Neumann to Computing Storage Fusion
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(Shanghai V&G Information System,Ltd,Shanghai 201702, China)
Abstract The emergence of massive data and improvement of computing power aroused the 3™ artificial intelligence
booming.and the age of big data arrived. This paper firstly analyzed firstly that computer with Von Neumann architec-
ture faces the problem of memory wall, bandwidth wall and high power consumption in the age of big data,which evokes
the changing of computer architecture development trend to match the requirement of big data processing. Then, the
computing and storage fusion in computer architecture level,software and hardware structure, spirit of offloading algo-
rithm, technology feature background, and the commercial application were analyzed, to enlighten the product design
such as high performance computing,data centre setup and design of smart SSD. In micro level, the 3D stack package
technology based on through silicon via was analyzed and the latest industry applications were introduced. Finally.artifi-

cial cognitive computation which represents the computing and storage fusion development goal and the latest research
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status were summarized.
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