BAs & 11A M

“ I
2018 4F 11 H

COMPUTER SCIENCE Nov. 2018
\_ HR\' A Y A Y ‘ — I—‘-I
EFRAMEBRAXLAKIE IR HHME R
= M TR W B EEH
(T AkFEEEZEH  Jb 100124)
B OE OAMAIZBAERFTXAKBETHRALELAZ LGP, LA A RE T O LEIK, £HOHFo g2

IAZEN . HTEHREFXRE A LAGZEHFIERR T XLETAHE, TAGE LR G Sk EE R4 TR L
AEY, BT AR IABGELIRA, Ak, L PR ETEATARARELGLRBUARERRG k., %5 F 03B LR
% B A%, 24 Hinton 89 5 K A T BHA X ARB LG RE S X P AR KRB LAFE S R ALK 6935 LA A
BAF B AREAETEIFERFTRE, SRAN R FIEHTREATFARALATEL R &> A RFTRENHE
W HEELF G EARERE S LA S A kB BT R,

KEWR B HHRXEAFRHL.BE AN

FEESEE  TP391 XHkARiIZES A

Word Clustering Based Text Semantic Tagging Extraction Method
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Abstract This research mainly solves the problem of extracting key semantic information from a large number of text
data. Text is the information carrier of the natural language. When the text information is analyzed and processed.the
characteristics of text messages are different,due to different goals and methods. In the past,the semantic tagging ex-
traction method is usually focused on the single text, but the semantic relationships between different texts are ignored.
To this end. this paper proposed a text semantic tagging extraction method based on word clustering. The proposed
method is based on semantic tagging extraction processing target, which employs a distributed Hinton representation
hypothesis to express text information,and uses word clustering algorithm to maximize the semantic tagging and seman-
tic similarity between the original text data. Experiments show that since the method involves all vocabularies in the

cluster computing,the semantic richness and power of information expression of the proposed method outperform many
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existing methods.
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