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Massive Data Parallel Query Platform Based on Distributed Shared-nothing Architecture
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Abstract In view of the challenges of data loading and parallel query controlling in massive data query systems, this pa-
per proposed a massive parallel data query platform based on distributed shared-nothing architecture. The platform uses
the distributed shared-nothing architecture to support the unified processing of structured and unstructured data in mas-
sive data query,and then achieves the aggregated calculation of data in the platform. The key technologies of the pro-
posed platform are as follows. Firstly,the platform provides cross-platform storage and unified data loading of multiple
types of data. Then,a multiple-node data query task flow distribution technology is proposed based on load balancing,
and a global query execution strategy is generated. Finally, the platform uses Hash and Range methods to achieve paral-
lel controlling for the query task flow. According to the performance verification of the proposed platform, the query
time consumption of this platform is saved by 40% compared with nonparallel method. The experimental results show

that this platform has good performance in the accuracy,reliability and concurrency of massive data query.

Keywords Massive data query,Shared-nothing architecture,Parallel query,Data loading
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