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Multi-cost Decision-theoretic Rough Set Based on Covering Approximate Space
LUO Gong-zhi XU Xin-xin

(School of Management, Nanjing University of Posts and Telecommunications, Nanjing 210003, China)
Abstract In order to make up for the deficiency of decision-theoretic rough model that there is no crossover between
concepts and ignores the importance of multi-cost matrices,a rough set of multi-cost decision-theoretic rough set based
on covering approximate space was proposed. Firstly,the problem of excessive granularity classification in the decision-
theoretic rough set based on the equivalence relation was analyzed. Considering the quantitative relation and the impor-
tance among the cost matrices, covering and weighted multiple cost matrices were introduced to improve the covering
multi-cost decision-theoretic rough set. Then,for four kinds of rough set of multi-cost decision-theoretic rough set based
on covering approximate space, the rough approximations of knowledge were acquired and the relationship with each

other was discussed. And relevant theorems and properties were proved. Finally,the feasibility and effectiveness of the

method was verified by the case of medical diagnosis.
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