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Newly-emerging Domain Word Detection Method Based on Syntactic Analysis and Term Vector

ZHAO Zhi-bin'  SHI Yu-xin' LI Bin-yang®
(School of Computer Science and Engineering, Northeastern University . Shenyang 110819, China)!

(School of Information Science and Technology. University of International Relations, Beijing 100091, China)?
Abstract Many existing words and phrases may be used in a domain in which they have never appeared before. These
words and phrases are called newly-emerging domain words. The researchers can get insight into the latest development
tendency and public opinions of a domain through these newly-emerging words. Therefore. it is significant to detect
newly-emerging domain words. Based on dependency syntactic analysis and term vector, this paper proposed a newly-
emerging domain words detection method. Firstly, the concept of syntactic dictionary was proposed, and its constructing
method was proposed for some specific domains based on the dependency syntax of sentences and TF-IDF values of
training corpus. Next,domain syntactic dictionary and term vectors were used to detect newly-emerging domain words.
The comprehensive experiments were conducted to evaluate the proposed method with comment data from a skin-care

products forum. The experimental results show that the syntactic dictionary is effective and the proposed method has

good performance in newly-emerging domain word detection.
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Table 3 Experimental results of constructing dictionary
% wg Precision Recall Fl-score
Howsk A 0.423 0.815 0.557
% B =0.001) 0. 445 0.793 0.570
% B0 =0.0D) 0. 652 0.743 0.695
% B0 =0.05) 0.786 0.577 0.665
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Table 4 Experimental results of newly-emerging domain words

Osim=0.5 Osim=0.6 Osim=0.7
Precision Recall F1-score Precision Recall F1-score Precision Recall F1-score
group-max 0.375 0.412 0.393 0.423 0. 384 0.403 0.608 0.193 0.293
group-avg 0.434 0.482 0.457 0.510 0.432 0.468 0.596 0.176 0.272
words-max 0.615 0.604 0.609 0.686 0.536 0.602 0.735 0.437 0.548
words-avg 0.643 0. 680 0.661 0.703 0.653 0.677 0.792 0.423 0.551
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